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Difficult to compare 





FAIRness 

? 

0% FAIR ? 100% FAIR ? 



ÅF1. (meta)data are assigned a 
globally unique and persistent 
identifier 

 



ÅF1. (meta)data are assigned a 
globally unique and persistent 
identifier 

ïArticle ID 

ïJournal ID 

 



ÅF1. (meta)data are assigned a 
globally unique and persistent 
identifier 

ïArticle ID 

ïJournal ID 

ïAuthor URIs 

 



ÅF1. (meta)data are assigned a 
globally unique and persistent 
identifier 

ïArticle ID 

ïJournal ID 

ïAuthor URIs 

ïReference IDs 

ïClassification IDs 

 



ÅF1. (meta)data are assigned a 
globally unique and persistent 
identifier 

ïArticle ID 

ïJournal ID 

ïAuthor URIs 

ïReference IDs 

ïClassification IDs 

 

ïAffiliation? 

 



ÅF1. (meta)data are assigned a 
globally unique and persistent 
identifier 

ïArticle ID 

ïJournal ID 

ïAuthor URIs 

ïReference IDs 

ïClassification IDs 

 

ïAffiliation? 

 



ÅF1. (meta)data are assigned a 
globally unique and persistent 
identifier 

ïArticle ID 

ïJournal ID 

 

ïReference IDs 

ïClassification IDs 

 

ïAffiliation? 

ïAuthor URIs? 

 







When is a dataset FAIR or FAIR enough? 

ÅPropagation of FAIRness 

ïI2. (meta)data use vocabularies that follow FAIR principles 

 

> > 



How to measure FAIRness? 

ÅMeasuring FAIRness  

ïClear definition of what is being measured and why one 
wants to measure it. 

ï5ŜǎŎǊƛōŜ ǿƘŀǘΩǎ ŀ ǾŀƭƛŘ ǊŜǎǳƭǘ ŀƴŘ Ƙƻǿ ƻƴŜ ƻōǘŀƛƴǎ ƛǘΣ ǘƘǳǎ 
reproducible 

ÅQualities of a good measurement 

ïClear: easy to understand 

ïRealistic: no over-engineering 

ïObjective: quantitative, machine-interpretable, scalable 
and reproducible 

ïDiscriminating: able to distinguish differences 

 

Thanks Michel Dumontier  



Whatšs the rationale behind FAIR? 

Å(Re-)use data for multiple purposes 

Å²ƘŀǘΩǎ ǘƘŜ ƛƳǇŀŎǘ ŦƻǊ ǘƘŜ ŜƴŘ-ǳǎŜǊΚ ²ƘƻΩǎ ǘƘŜ ŀǳŘƛŜƴŎŜΚ 

ÅMore FAIRness should mean less hurdles to solve a use case 

 



More FAIR means less effort 

Å²ƘŀǘΩǎ ǘƘŜ effort needed to make a data source more FAIR so one 
can solve a use case?  

ÅEffort quantified as a cost 

ïTime 

ïHuman and Machine resources 

ÅUnit of measure 

ïPrice 

ÅPotential to calculate the Return On Investment (ROI) on FAIR data 
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Different types of effort 

transformations 

Χ 

Χ 

Χ 

more FAIR 

application 

graphical UI 

API 



FAIR enough means less effort 
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